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Figure 2 Landsat8 image classification results
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Figure 3 Pleiades image classification results
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Table 1 Confusion matrix of Landsat8 OLI image classification in Zhengzhou urban area
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Figure 5 User accuracy, producer accuracy and growth rate of MKFCM in Pleiades images
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Remote Sensing Image Classification Based on Multi-core Fuzzy C-means Clustering

ZHANG Chengcai, LI Fei, WANG Yanmei, LUO Weiran

(College of Environment & Water Conservancy, Zhengzhou University, Zhengzhou 450001, China)

Abstract: Fuzzy C-Means clustering (FCM) algorithm could not consider the correlation between pixels when
classifying remote sensing images. In order to increase the correlation information between pixels, a multi-core
fuzzy C-means clustering (MKFCM) algorithm was proposed, in which multiple kernel functions were intro-
duced into FCM algorithm. According to the distribution characteristics of pixels in feature space, MKFCM al-
gorithm automatically filtered out the optimal weight combination among kernel functions. The medium-high
resolution Landsat8 images and high resolution Pleiades images were selected as research data, and by analy-
zing the accuracy of classification results of FCM, KFCM and MKFCM algorithm, the results showed that
MKCM algorithm could do better in distinguish pixels with similar spectral information for different resolution
remote sensing images. Whether the accuracy of the single category or the overall, classification accuracy with
MKCM algorithm was higher than that with FCM or KFCM algorithm, which provided an effective way to ex-
tract the regional land cover information accurately.

Key words: remote sensing image; multi core; fuzzy C-means; kernel function



