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Tab.1 The structure of data selected for the experiment
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TEAS G5 R I R G Y 2002 AR B TTMITT AR OC &R
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B0 0.992 68845 & AT 15 a Z5 Gl R 44T,
TR A STy — R TIT v 3T R A 8 A T e G 1Y)
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I 15 a LRGSR AT, FEAS IR AT B — T h
T AR G A T B B A R SR PR R T, A O R
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CEAR AT, T R bR T A 4 R T A
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3T AR G AR T R A R SR AR I T, A G R
FIA14.973 522 HoR BTG 7717, #HOC R B Z Ll
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Tab.2 The experimental result of the data being true
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30 A>3 o i 2002 ~2016 4 2002 4 i 4 N i i=38ii)
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REZ ANy 14.553 823 HUCON DU, #K R AL
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2006 4F AU AHOC R ECH 0. 536 6336 4% I T
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/0. 802 936 ; H Yk 2y 2006 4F 1) 5 PR T, AH G R %K
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Tab.3 The experimental result of the data being growth rate
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WK RS R A5 AL, BR T 2016 AR BT Z 5,
FCARAS B0 B (AR 0T B 7 2002 ~ 2011 4R 2
[F1), 3 30 1) A 2 o ] 8 T 4 DRl A e 10 14
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Urban Optimal Capital Structure Analysis Based on Random Forest and MOPSO

LI Yanyanl , YANG Haotian’, ZENG Yufan’

(1.Business School Zhengzhou University, Zhengzhou 450001, China; 2.School of Electrical Engineering Zhengzhou University,
Zhengzhou 450001, China; 3.Department of Mathematical Sciences, University of Liverpool, UK)

Abstract; Urban capital structure was a complex problem that was influenced by multiple factors. In this paper
a city optimal capital structure model was constructed based on random forest and multi-objective particle
swarm algorithm to analyze the state of capital structure. Firstly, historical data were analyzed by using the fit-
ting regression characteristics of random forests to find the relationship among historical data features. Accord-
ing to the existing relationship characteristics, eigenvalues that could achieve the best results by using the
multi-objective particle swarm optimization algorithm were identitied. Then, according to these characteristic
values with the best effect, the data with the highest correlation could be searched, so as to analyze the cities
and years with relatively excellent capital structure allocation. By constantly learning these optimal structure al-
location, it could serve as a good reference for the development of other citys.

Key words; random forest; multi-objective particle swarm optimization algorithm; urban capital structure allo-

cation; fitting regression; correlation



