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Self ~1earning Fuzzy Contro Based on Neural Net work

FENG Dong ~qing » ZHANG X ~ping

(Colege of Hectrical Engineering » Zhengzhou University » Zhengzhou 450002.China)

Abstract : This paper puts forward a kind df self tearningfuzzy contrd nethod based on neural network by neans of

the comhination of fuzzy conirol and self tearning ahility of neural network offering algorithns for net work training »

controller off tine and on line self tearning - With this nethod ; the conirdler can realize off line and ontine self -

learning to i mprove its control perfor mance when the controlled process varies - S mulation results indicate the effec -

tiveness of this method -

Key words :fuzzy control ; neural network ; self tearning ; si mulation



