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1 KT 20 Newsgronps Ei 3 X4 R
Tab.1 Classification results in 20 Newsgroups Dataset

W#MIEHE  Roce K(5) K(15) K(30) KM+TR KM +TK(3) KM +TK(5) NB SVM
#FH  0.4792 0.8027 0.8375 0.8381 0.738 1 0.908 1 0.909 3 0.8267 0.9072
BHE 04296 0.8062 0.8373 0.8388 0.8417 0.898 8 0.901 2 0.8573 0.9042
BEE 0.4879 0.8273 0.8392 0.8390 0.7829 0.919 0 0.919 1 0..8427 0.9145

F1 0.4565 0.8156 0.8385 0.8388 0.8349 0.908 8 0.910 8 0.8496 0.9113
%2 NEENBHEELHFIEEAR
Tab.2 Classification results in FuDan Dataset

W¥HMIER  Roceo K(5) K(15) K(30) KM+TR KM+TK(3) KM +TK(5) NB SVM
¥ 0.5271 0.6820 0.7583 0.7592 0.7482 0.8952 0.903 1 0.7632 0.8922
EHE  0.4236 0.6132 0.6892 0.6887 0.6785 0.873 9 0.888 2 0.7256 0.8193
BEE 0.4828 0.6855 0.7834 0.7973 0.7973 0.9075 0.908 3 0.7936 0.796 7

F1 0.4639 0.6627 0.7459 0.7628 0.7363 0.889 2 0.896 7 0.7519 0.8051
[4] YANG Y, ZHANG J, KISIEL B. A scalability analy-
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Structure Design of Multi - founctional Tents

MIAO Jian

(The Center of Henan Education Services, Zhengzhou 450002, China)

Abstract: Based on ergonomic principle and hiking rule, the multi - functional tent is designed with profes-
sional backpack, the mountaineering pack as an effective device, integrated with high — strength and light alu-
minium alloy frame, and the design of extensible, rotatable and foldable casing frames makes the supportive
structure alternate and integratedly achieves its multiple functions, such as backpack, belt bag, fishing ( rai-
ning) gear bag, baby frame carrier, fourgon, pram, folding seat, table, sunshade, mosquito net, tent, etc.
Additionally it is equipped with anti — depression cushion and enlarged wheels for resting, pulling and travel-
ling under slopes and various road conditions. The invention of multi ~ functional tent has extended the use of
single — purposed traditional tent, serves the needs of three — people family to go out for shopping, outdoor rec-
reation and it is also recommended to be used for emergency such as earthquake.

Key words; multi - functional tent; frame support; structure design
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Research on Text Classification Based on Multiple Representative Points

CHEN Ke - hua

(Ningde Teacher College, Computer Department, Ningde,352100, China)

Abstract; Text classification is an effective tool of organization and management for information. Traditional
classification methods are not good both in the effectiveness and in efficiency. This paper designed a method of
classification based on multiple representative points, firstly mining a number of effective representative points
to every category, and it can be true document or virtual point, then the methods of Rocchio and KNN can be
working based on those points. Experiment results show that this classification method can achieve satisfactory
results in less training time, and it can solve imbalance problem well, the results show that the method can a-
chieve significant results similar to SVM.

Key words: text classification; multiple representative points; rocchio; KNN



