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Short-term Traffic Flow’ s Forecasting by Fusing BP Neural Network and ARIMA

ZENG Qing-shan, QUAN Shu-peng, JIN Zhi-Qiang

(School of Electric Engineering, Zhengzhou University, Zhengzhou 450001, China)

Abstract: In order to take measures in advance to avoid traffic congestion or traffic jamming that possibly exists

in traffic management, a short-term traffic flow forecasting algorithm by fusing BP net and ARIMA is put for-

ward in this paper. Firstly, the BP neural network and autoregressive integrated moving average ( ARIMA) are

used to establish the single forecasting sub-model separately. Then BP net is used as the approximator of the

optimal nonlinear combination model to establish the combination forecasting model that can fuse the predicted

value from the single forecasting sub-model. Lastly, the final forecasting result is obtained. By using MATLAB

and the SPSS platform, the simulation based on the actual traffic flow data is realized, and the results show

that the combination forecasting technique is practical and feasible.
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