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Fig.1 The framework of emotion recognition

based on 2D-FrFT
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Fig.2 The multiclassifier scheme
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Fig.3 The average recognition rate under
different orders of 2D-FrFT
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Fig.4 The change of average recognition rate
in situation to the number of canonical

correlation feature pair

2.3 RAELE

HTRIEE B WAL & R AR KR
EHFIE Z J736 4R 6 MRFH ARG RLHK
0.5 #1 1.4 AR BALT 7R, GRME S
B

20
10

100 O2D-FeFTH ¥ 0.5
90 m2D-FrFTHKL .4
A @ MRCCARERS
80
%
£ 70 7
¥ 60 ‘
(554
& 50 2
£ 40 g
B 30 7
7
%
?
7
7

;
g
7

%

AN HA DI SU SA FE Overall
£ OEN RE KF HE FY T

5 BHIEMSHEHERFAMNEIL
Fig.5 The comparision of recognition rate between

before and after feature fusion
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Human Emotion Recognition Using Fused 2D-Fractional Fourier

Transform Features Based on CCA

MU Xiao-min, ZHANG Si-si, QI Lin

(School of Information Engineening School, Zhengzhou University, Zhengzhou 450001, China)

Abstract:In this paper, we explored an approach for recognizing human emotional state from fused 2D-FrFT

features based on Canonical Correlation Analysis (CCA). This approach is mainly based on the correlation be-

tween different orders in 2D-FrFT. First, the visual features are extracted by 2D-FrFT, and two orders are

choser which achieve the highest recognition rate for feature fusion through CCA. Then we send the fused fea-

tures into the multi-classifier based on SVM. The feasibility of the recognition approach we proposed has been

tested and the experimental results sufficiently demonstrate the effectiveness of the proposed approach.
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